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Perlu KOMPOSISI yang OPTIMAL



OPTIMIZATION

The task of optimization is that of
determining the values of a set of

parameters so that some measure of
optimality is satisfied, subject to
certain cOnstraints.




OPTIMIZATION

BASIC ELEMENTS

1. An Objective function,
2. Aset of Variable

3. A set of cONStraints




OPTIMIZATION
The solutions:

* Arrangements,

* Sequences,

e Combinations,

* Choices of Objects,

e Routes in A Network,
e Schedules of Jobs,

* Etc.




OPTIMIZATION

This task is of great importance to many
professions,

* Scientists,

e Economists,

 Social and Environment,
* Engineers.
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Particle Swarm Optimization (PSO)
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PARTICLE SWARM - FUZZY CONTROLLER FOR
BEHAVIOR-BASED MOBILE ROBOT
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IMPROVING WALL-FOLLOWING ROBOT
PERFORMANCE USING PID-PSO CONTROLLER

No

Particle Swarm
Optimization

[s optimum solution
obtained ?

Performance
of The
Wall-Following
Robot

Proportional
Integral and
Dervative Gam of
PID Controller

Dynamic Improvement Finol
Characteristic Position
Error (%) (s)
Normal 0.83625 0 9.1986
Movement
PID Only 0.78666 4,959 9.2987
PID-GA 0.78543 5.082 9.2867

PID-PSO 0.74619 9.006 9.2528







